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Variable Selection for Survival Data Under Weibull Distribution
by Using Squirrel Algorithm
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Abstract :

Weibull Regression Model (WRM) is one of the most common forms of parametric regression model,
as it provides an estimate of the basic hazard function, In addition to the coefficients of the covariates.
Due to the technical difficulties resulting from using this model, the Weibull regression model is rarely
used in the medical literature compared to the nonparametric regression model. This study aims to
present some important theoretical aspects of the Weibull regression model and how to fit data to this
model, in addition to using the Squirrel Search Algorithm (SSA) and comparing it with other methods in
selecting variables in the Weibull regression model using real data collected from patients with chronic
kidney disease who are treated with continuous hemodialysis, and the patients' condition was diagnosed
by specialized doctors in cooperation with Ibn Sina Teaching Hospital - Artificial Kidney Unit. The results
showed the superiority of the squirrel search algorithm compared to other methods of selecting

variables.

Keywords: Squirrel search algorithm, Weibull regression model, variable selection, survival data.
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